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MCD duez! 40yl 93! Jlaazanls elggll gl dudl BN Elgil @l dpss

il 3ala
month | methane gas CH, mor(;s;?(;)enco nltl;slészgas cartg;ca)lg ;Ig):lde STATION
1.000 1.758 1.214 023. 038. 1.000
2.000 1.731 885. 032. 020. 1.000
3.000 1.769 710. 020. 027. 1.000
4.000 1.798 632. 019. 020. 1.000
5.000 1.851 643. 020. 025. 1.000
6.000 1.833 574. 025. 032. 1.000
7.000 1.855 521. 028. 036. 1.000
8.000 1.854 561. 033. 034. 1.000
9.000 1.866 649. 034. 038. 1.000
10.000 1.890 908. 045. 067. 1.000
11.000 1.982 1.357 050. 061. 1.000
12.000 1.896 1.266 048. 058. 1.000
1.000 1.882 459. 012. 034. 2.000
2.000 1.891 498. 016. 027. 2.000
3.000 1.990 269. 012. 023. 2.000
4.000 1.912 245. 009. 021. 2.000
5.000 1.987 383. 015. 030. 2.000
6.000 1.895 354. 019. 035. 2.000
7.000 1.752 360. 016. 036. 2.000
8.000 1.819 398. 018. 035. 2.000
9.000 1.959 443. 026. 042. 2.000
10.000 2.058 553. 032. 052. 2.000
11.000 1.737 1.105 022. 062. 2.000
12.000 1.337 689. 011. 053. 2.000
1.000 1.943 493. 025. 024. 3.000
2.000 1.965 427. 026. 018. 3.000
3.000 2.013 275. 016. 011. 3.000
4.000 1.880 254. 015. 016. 3.000
5.000 1.904 362. 033. 035. 3.000
6.000 1.944 349. 039. 035. 3.000
7.000 1.817 299. 035. 024. 3.000
8.000 1.938 464. 048. 043. 3.000
9.000 1.896 429. 043. 046. 3.000
10.000 1.957 451. 030. 042. 3.000
11.000 2.055 490. 032. 042. 3.000
12.000 2.069 551. 027. 026. 3.000

-

2019 Aiud 333y Adddlaa B 45 glal) & A1 (e A ganeal 4 gl Y 2al)

slaaM (g 38 all jlgad

dalial) g Jasdadil] 3 ity (Anad) £ U/ Al g dauall 30 g 0 sduaall
dgasad) Aasa Jiag 3 3 ¢ Gulaiy) Aabw ddasa Jhag s 2¢ Ay il ddasa Sy s 1
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One of the primary factors affecting human life is air pollution, and
due to the environmental conditions that the country is going
through, it was necessary to investigate the different gases that are
released into the atmosphere and contribute to air pollution by
using the genetic algorithm Minimum Covariance Determinant
(MCD).

The study was conducted on a set of gases and pollutants that were
measured as monthly averages at three sites (Al-Waziriyah, Al-
Andalus Square, and Al-Saydiya) in Baghdad Governorate in 2019.
Data were collected from the Central Statistical Organization for
four different types of gases: (Methane gas CH, , Carbon
Monoxide gas CO , Nitrous gas NO, , and Sulfur Dioxide gas SO,)

To identify the most significant gases that contribute to air
pollution, use the smallest determinant of the covariance matrix
and by comparing the variance for each type. The most polluting
gas was discovered to be carbon monoxide (CO), which was
followed by nitrous gas NO,, carbon dioxide gas SO,, and methane
gas CH,, which is regarded as the least polluting gas.
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